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Taking what you do in real 
life and looking at it with a 
digital set-up. 

2

Digital Twins 
Exist Today



Kai Müller (Founder & CEO at Experience 
One): said he wants to save a third of his 
working time by 2025 with help from his 
digital twin. He argues that tasks like 
preparing content or board meeting materials 
could be offloaded or partially managed by a 
CEO twin, so the CEO can focus on higher-
leverage work. 

Experience One
Müller also says: “What about starting with 
the boss?”

 — meaning, while much AI conversation is 
about how many jobs could be replaced, few 
have asked whether the CEO role itself could 
have or should have a digital twin.

Rethinking Data Management in an 
Agentic AI era
What could you do

-Healing 

— customers never notice downtime.

-
-proof numbers across 

— 

-chain forecast model built for Europe is dropped 

— instantly localised without 

-time picture of how 
— like a flight 

Executive Amplification: Staff or board members can ask the twin, “How would 

the CEO view this?” and get a reasoned answer aligned to the leader’s strategy.

Decision Support: The twin can model scenarios (“What would our P&L look like 

under X?”) using the CEO’s risk/return preferences.

Crisis Readiness: In emergencies, a digital twin could provide guidance or pre-

approved decision playbooks if the CEO is unavailable.

Succession Planning & Knowledge Transfer: When a CEO transitions out, the 

twin preserves institutional knowledge and reasoning style for continuity.

Stakeholder Engagement: Could handle some high-volume communications 

(investor FAQs, employee Q&A) in a consistent, human-like tone.



How 

you 

get 

there

Ring 1 – Core Foundations (1–2 years, 9 items)

1.Policy-as-Code for Governance Execution

What: Expressing governance rules in code (YAML, Rego, JSON).

Why: Ensures compliance and consistency by embedding policies directly into pipelines and platforms.

2.Data Observability & Automated Remediation

What: Continuous monitoring plus auto-fix of anomalies.

Why: AI agents can’t function if upstream data is broken; remediation at source keeps trust intact.

3.Self-Maintaining Models & Contracts

What: Contracts and models that evolve automatically with schema changes.

Why: Reduces manual rework, ensures AI agents always operate on valid assumptions.

4.Governance for Unstructured & AI Content

What: Metadata, lineage, and compliance for text, media, and generated content.

Why: Most enterprise knowledge is unstructured; AI doubles it with generated outputs. Needs governance 

parity.

5.Semantic UX for Multi-Persona Access

What: Adaptive interfaces that present the same data differently for analysts, execs, or agents.

Why: Ensures relevance and usability while reducing misinterpretation.

6.Agent Access Control for IAM Extension

What: Identity and permissions extended to AI agents.

Why: Prevents rogue agents or unauthorized access; a new perimeter for security and trust.

7.MLOps for Model & GenAI Lifecycle

What: End-to-end lifecycle of models, embeddings, prompts.

Why: Productionizing AI safely requires governance, monitoring, and rollback paths.

8.AIOps for Data Platforms

What: AI-driven detection and correction of infrastructure issues.

Why: Keeps databases, pipelines, and agents performing under variable workloads.

9.FinOps for Data & AI Workloads

What: Cost visibility and optimization for heavy compute tasks.

Why: Without cost guardrails, agentic systems burn credits and budgets unchecked.

Ring 2 – Scaling Adoption (2–3 years, 9 items)

10.Resilience Engineering for DataOps Pipelines

What: Pipelines that reroute, retry, or replay automatically.

Why: Ensures continuity for agents that depend on fresh, uninterrupted data flows.

11.Trust Ledger for Data Value & Accountability

What: Immutable log of trust scores and data’s business impact.

Why: Establishes accountability and value benchmarking for AI-driven decisions.

12.Adaptive Semantic Layer

What: Semantic layer that adjusts definitions by context or persona.

Why: Agents and humans both need meaning clarity across shifting domains.

13.Responsible AI Governance (AI TRiSM & Model Cards)

What: Guardrails for fairness, transparency, compliance.

Why: AI agents must explain and justify outputs; governance frameworks enforce it.

14.Simulation Engines for Scenario Planning

What: Systems to model “what if” scenarios before execution.

Why: Reduces risk by letting execs and agents preview outcomes before real-world action.

15.Enterprise Digital Twin for Executive Insight

What: A data-driven replica of an organization.

Why: Lets leadership test strategy in silico; AI agents use it to predict consequences.

16.Self-Healing Pipelines for Automated Recovery

What: Beyond detection — pipelines that repair themselves.

Why: Shrinks downtime, ensures agent reliability in dynamic environments.

17.Self-Correcting Lineage for Dynamic Data Estates

What: Lineage graphs that reconcile mismatches automatically.

Why: Keeps track of shifting systems, ensuring explainability for AI outputs.

18.Trust Scores as Execution Gates

What: Using trust thresholds to stop or reroute pipelines/models.

Why: Prevents untrustworthy data from reaching production or agent decisions.

Ring 3 – Horizon Bets (3+ years, 18 items)

19.Autonomous Product Assembly

What: Agents compose new data products from existing ones.

Why: Accelerates innovation without engineers hand-wiring integrations.

20.Federated Governance Models for Hybrid Control

What: Central guardrails with local autonomy.

Why: Balances compliance with flexibility across geographies and business units.

21.Agentic Workflow Orchestration for Adaptive Automation

What: Agents dynamically design and execute workflows.

Why: Moves from static automation to adaptive, intelligent orchestration.

22.Agent-Mediated Cost Arbitration

What: Agents choose execution paths balancing cost vs. performance.

Why: Prevents uncontrolled credit burn in multi-cloud and multi-platform environments.

23.Embedded Ethics Engines for AI Decisions

What: Run-time ethical checks coded into decision processes.

Why: Ensures agents’ actions align with corporate and societal values.

24.Knowledge Graph–Driven AI Memory

What: Persistent memory structures powered by knowledge graphs.

Why: Lets agents retain context across sessions and domains.

25.Context-Aware AI Assistants (Business + Technical)

What: Copilots that fluidly shift between strategic and technical tasks.

Why: Breaks silos between exec, analyst, and engineer experiences.

26.Continuous Regulatory Adaptation for Compliance

What: Policies update automatically as regulations evolve.

Why: Keeps governance evergreen without manual rewriting.

27.Data Supply Chain Provenance for End-to-End Traceability

What: Visibility into origins and transformations of all data.

Why: Essential for auditability and trust in AI-driven outputs.

28.Zero-Trust Access for AI Agents

What: Continuous verification for agents, not just one-time authentication.

Why: Prevents malicious impersonation or drift in agent behavior.

29.Agent Interoperability Standards (“Digital Diplomacy”)

What: Protocols for cross-org agent collaboration.

Why: Critical for ecosystems where agents must safely transact between companies.

30.Cognitive Contracts for Machine-Readable SLAs

What: Service agreements expressed in code.

Why: Automates enforcement of data quality, freshness, and usage obligations.

31.Adaptive Query Optimization with AI Tuning

What: AI-driven real-time query plan adjustments.

Why: Reduces latency and cost for agent workloads at scale.

32.Personalized AI Guardrails for Risk & Intent Control

What: Guardrails that adapt to user role, sensitivity, and purpose.

Why: Enables safe personalization without uniform over-restriction.

33.Synthetic Data Governance for Quality & Bias Management

What: Policies for creating and certifying synthetic data.

Why: Ensures trustworthy use of synthetic datasets in training and testing.

34.Integrated Model & Data Version Control

What: Joint versioning of models, prompts, and dependent data.

Why: Reduces mismatch errors and improves reproducibility.

35.Agent Identity Fabric for Credential Federation

What: A federated identity system for agents.

Why: Enables secure, verifiable cross-platform agent activity.

36.Economic Cost Modeling for AI & Data Operations

What: Continuous financial modeling of data and AI workloads.

Why: Lets leaders and agents weigh ROI vs. compute spend in real time.

Most organizations are in the stone 
age with their Data Management and 
with Agentic AI – it’s leap frogging.. 
How you get there. 

What Data Contracts Do

•Shared Agreement: A formal, version-controlled contract defines what 

data will be provided (schema, semantics, quality expectations).

•Shift-Left Testing: Contracts let producers validate changes before 

breaking consumers, just like API contracts in software engineering.

•Clear Ownership: Both sides know who “owns” the data and who must 

approve changes.

•Measurable Reliability: Contracts can include SLOs (e.g., freshness, 

completeness) that make data quality measurable, not subjective.
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Most organizations are in the stone 
age with their Data Management and 
with Agentic AI – it’s leap frogging.. 
How you get there. 

What Data Contracts Do

•Shared Agreement: A formal, version-controlled contract defines what 

data will be provided (schema, semantics, quality expectations).

•Shift-Left Testing: Contracts let producers validate changes before 

breaking consumers, just like API contracts in software engineering.

•Clear Ownership: Both sides know who “owns” the data and who must 

approve changes.

•Measurable Reliability: Contracts can include SLOs (e.g., freshness, 

completeness) that make data quality measurable, not subjective.

This topic addresses the critical need for building trust and 

safety into AI systems, moving from a purely technical 

focus to a business and regulatory one.

It’s About Proactive Governance, Not Reactive Fixes: The 

core idea of AI TRiSM (Trust, Risk, and Security 

Management) is to anticipate and mitigate AI failures. 

Instead of waiting for a model to drift, produce biased 

results, or be attacked, this framework builds in protections 

from the start. It’s the shift from "move fast and break 

things" to "move confidently and build trust.

"Transparency is the Key Tool: 

A central part of TRiSM is using tools like Model Cards. 

Think of these as a "nutrition label" for an AI model. They 

provide clear, easy-to-understand information about a 

model’s performance, the data it was trained on, its 

limitations, and any potential fairness or bias issues. This 

transparency is crucial for both internal stakeholders and 

external regulators.

This is Becoming a Non-Negotiable Business 

Requirement: 

With regulations like the EU AI Act, proving that your AI is 

fair, robust, and transparent is no longer just good 

practice—it’s the law. Data professionals are now on the 

front lines of managing legal and financial risk, and 

understanding TRiSM is essential for ensuring compliance 

and maintaining customer trust.

2. Data Observability & Automated Remediation

This topic addresses the foundational challenge of 

ensuring data quality and reliability at scale, treating your 

data infrastructure with the same rigor as production 

software.

It's 'Application Performance Monitoring' for Your 

Data:

For years, software engineers have had tools to monitor 

the health of their applications. Data Observability brings 

that same discipline to data systems. It’s about 

automatically monitoring the end-to-end health of your 

data pipelines and the data within them across key pillars: 

freshness, volume, schema, distribution, and lineage.

The Goal is to Reduce 'Data Downtime’: 

"Data downtime" refers to periods when data is missing, 

inaccurate, or otherwise erroneous. 

This silent killer can corrupt AI models, lead to flawed 

business intelligence, and erode trust in the data team. 

Observability tools are designed to detect these issues in 

near real-time, long before a business user reports that 

"the dashboard looks wrong.

"Automated Remediation is the Future: 

It's not enough to just find problems; the next evolution is 

to fix them automatically. Automated Remediation 

connects the alert directly to an action. 

For example, if an observability platform detects a schema 

change that will break a downstream dashboard, it can 

automatically halt the pipeline and trigger a rollback, 

preventing the bad data from ever reaching the consumer. 

This is the first step toward building the self-healing 

systems of the future.



Before we get there. Let's understand the basics. 
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Let’s talk about the different kinds of 

data

datasynthetic A good representation of your data

datadark Data in your org that you don’t use

datastructured Information housed in a database

data model The relationships between the data

dataunstructured Information not housed in a database

data set a collection of data

datasemi-structured Unstructured data that’s been organized

data product Utilization of data to solve a problem
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The argument 

isn’t really 

centralized 

versus 

decentralized 

anymore. 

The convergence is that:
• Fabric provides the connective 

automation, standards, and 

intelligence.

• Mesh provides the organizational 

model and accountability.

• Data products are the common 

denominator, the currency of trust 

and value between them.



Characteristics of a Data Product find 

martinfowler.com)

usable via standard access methods (API, SQL, 

martinfowler.com

-

martinfowler.com)

martinfowler.com)

martinfowler.com)

)

datacamp.com)

-compatibility, versioning, 

)

datacamp.com)

-Centric / Domain 

-thinking rather than just data engineering. (Analytics8)

Interoperability

Discoverability

Addressability

Accessibility

Trustworthiness

Self-

describable

Observability

Version control

Security

Users should be able to easily find and 

access the product through catalogs, 

search, and APIs. Without 

discoverability, value is locked away.

Confidence in the product’s accuracy, 

consistency, and compliance — often 

reinforced by quality scoring, SLAs, and 

transparent provenance.

A product should explain itself through 

metadata, documentation, and 

semantic definitions so it can be used 

without deep reverse engineering.

Products must support versioning and 

stable contracts so downstream users 

are not broken by changes and can 

reproduce results reliably.

Strong controls for privacy, access, and 

compliance with policies or regulations 

to prevent misuse and protect sensitive 

data.

Continuous monitoring of quality, 

freshness, lineage, and usage so 

consumers know whether a product is 

reliable and fit for purpose.

Data products must integrate smoothly 

with others using shared standards, 

schemas, and formats — ensuring they 

can be combined without friction.

What is a Data Product? A Simple Definition

You can introduce the topic by defining what a data 

product is. McKinsey defines them as reusable, ready-

to-use data sets designed to serve common 

enterprise needs, enabled by domain-driven 

governance. 

The goal is to move from a traditional, use-case-specific 

approach—which involves significant replicated work—

to a reusable, product-driven approach that simplifies 

architecture and expedites impact.

https://martinfowler.com/articles/designing-data-products.html?utm_source=chatgpt.com
https://martinfowler.com/articles/designing-data-products.html?utm_source=chatgpt.com
https://martinfowler.com/articles/designing-data-products.html?utm_source=chatgpt.com
https://martinfowler.com/articles/designing-data-products.html?utm_source=chatgpt.com
https://martinfowler.com/articles/designing-data-products.html?utm_source=chatgpt.com
https://martinfowler.com/articles/designing-data-products.html?utm_source=chatgpt.com
https://www.datacamp.com/blog/data-product?utm_source=chatgpt.com
https://dqops.com/what-is-a-data-product/?utm_source=chatgpt.com
https://www.datacamp.com/blog/data-product?utm_source=chatgpt.com
https://www.analytics8.com/blog/building-effective-data-products-a-step-by-step-guide/?utm_source=chatgpt.com


When you go to build a data product. 

• Data Inputs (Sources) – Where the raw data comes 

from.

• Pipelines / Transformation Code – Logic that cleans, 

transforms, and shapes the data.

• Schema / Data Model – Defines the structure, 

semantics, and contract.

• Storage / State – The physical place the curated data 

lives (tables, objects, streams).

• Access / Output Ports – How consumers connect: 

APIs, SQL, dashboards, files.

• Metadata & Documentation – Descriptions, lineage, 

definitions, examples.

• Testing & Quality Checks – Ensures accuracy, 

completeness, freshness.

• Security & Access Control – Roles, permissions, 

encryption, masking.

• Ownership – A clear accountable team or product 

owner.

• Discoverability (Catalog Entry) – So people can 

actually find and use it.

Edge Case / Advanced Components (the “nice-to-

haves” or next wave)

• Versioning & Backward Compatibility – Managing 

schema evolution.

• SLAs / Non-Functional Guarantees – Performance, 

latency, uptime commitments.

• Monitoring & Observability – Drift detection, 

anomaly alerts, auto-remediation.

• Trust & Value Metrics – Quantified scoring of quality, 

usage, ROI.

• Synthetic Data Extensions – Using artificial data to 

supplement training or testing.

• Compliance & Ethics Tags – Policy-as-code, 

consent, sovereignty rules.

• Interoperability Standards – Built to play well across 

clouds and platforms.

• Lifecycle Management – Archival, deprecation, 

retirement processes.

No aligned 

industry 

definition 

exists.. 

“The set of constituent 

components varies per 

industry authorities. 

Therefore, companies 

reinvent and adjust 

this concept to their 

needs.”

- Dr. Irina Steenbeek

There was one concrete, technological takeaway from data mesh: 

Data products. Software companies in the data/metadata 

management space are racing to deliver this unique and 

promising solution, to finally make data consumable as a product 

- just like it ought to be. Ole Olesen-Bagneux (Actian)

Components of a Data Product

Versioning & 

Backward 

Compatibility

SLAs / Non-

Functional 

Guarantees

Monitoring & 

Observability

Trust & Value 

Metrics

Compliance & 

Ethics Tags

Interoperability 

Standards

Lifecycle 

Management

Synthetic Data 

Extensions
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1. What’s a recurring 

business question? 

(e.g., “What did we sell 

yesterday, by region?”)

2. Package the answer 

(data + model + simple 

access).

3. Congratulations! You’ve 

just stood up a data 

product.

Think in Questions

Not Architectures



The Value of Data Products: 
Proven Efficiency, Speed, and Trust
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30-40%

$210M

1 cost savings vs. 

custom pipelines.

1 value captured by 

a single insurer 

(50% cheaper)

90%

2x

3 faster implementation 

of new use cases.

1 faster completion of 

data programs.

1. Driving Efficiency and Cost Reduction 

This is often the most compelling argument for initial 

buy-in. 

Drastic Cost Savings: Data products can create a 

"flywheel effect." When a data product supports five 

use cases, the cost is about 30% less than building 

individual data pipelines. When scaled to another 

market, the savings increase to 40%. 

Reduced Total Cost of Ownership: Organizations 

see a 30% decrease in the total cost of ownership of 

their data solutions. 

Reduced Operational Costs: AI, leveraged through 

data products, can reduce data foundation operation 

costs by 30-40%. 

Insurance Company Example: One insurance 

company captured $210 million in value from its use 

cases with data products, which would have cost an 

estimated 50% more with standard data programs.

60%

51%

3 fewer defects in data 

products.

2 improved decision-

making.

43% 2 greater trust in data.

49%

71%

2 improved collaboration 

between teams.

2 call business–IT 

alignment “significant or 

game-changing.”

33%
3 of orgs are at 

“repeatable” maturity → 

urgency to act.

2. Accelerating Value and Time-to-Market 

Beyond saving money, data products help you make money 

faster. 

Faster Implementation: The most significant metric is a 90% 

reduction in time to implement new use cases by leveraging 

existing data products. 

Twice as Fast: 

The same insurance company that saved 50% in costs was 

also able to complete its data programs twice as fast. 

Quicker Development: Data modeling for data products 

reduces time in product development and deployment (72% of 

respondents rated it 'Significant' or 'Game-changing').

Improving Quality, Trust, and Decision-Making 

This addresses the core quality and reliability issues 

that plague many data initiatives. 

Better Decisions: 51% of organizations reported 

improved decision-making due to the higher quality of 

data provided in data products. 

Fewer Defects: There is a 60% decrease in product 

defects, leading to higher quality data. 

Increased Trust: 43% of organizations experienced 

greater trust in data due to the comprehensive support 

surrounding data delivery. 

Reduced Risk: 37% of companies saw reduced data-

related risk exposure because of the added business 

context.

Enhancing Collaboration and Strategy Data products are not 

just a technical concept; they are a business and 

organizational one. 

Improved Collaboration: 49% of organizations saw improved 

collaboration and communication from having unified data. 

Business-IT Alignment: Data modeling within a data product 

framework encourages collaboration between business and IT 

stakeholders, with 71% of respondents calling this impact 

'Significant' or 'Game-changing’. 

Value-Driven Approach: The most successful data product 

strategies are anchored in business strategy, sequencing use 

cases and data strategy in a "value-back" approach. 

When business doesn't lead, it becomes a "boil the ocean" 

technical exercise. Where Organizations Are on the Journey 

(The Urgency) You can create a sense of urgency by showing 

that while many are starting, few have mastered this. Most 

industries are still in the "Exploring" or "Defined" stages of 

their data product journey. 

In one poll, 76% of attendees said their organization currently 

uses reusable data solutions. 

However, only 33% classified themselves in the more mature 

"repeatable" phase, suggesting many are still early in realizing 

the full benefits. According to Gartner, creating and using 

reusable data products is a characteristic of "Medium 

maturity" on the path to AI readiness.

1: https://www.mckinsey.com/capabilities/mckinsey-digital/our-insights/the-missing-

data-link-five-practical-lessons-to-scale-your-data-products

2: Quest erwin State of Data Intelligence - Data Products Metrics" from an SDI Research survey of 184 

respondents.
3: https://edmcouncil.org/webinar/demystifying-data-products-challenges-insights-and-real-world-success-stories/ 

Managing data as a product transforms raw data into a strategic, business-aligned resource - unlocking efficiencies, 

accelerating insights, and empowering smarter decisions across an organization - Ascend
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Quest erwin Data Management Platform                  
to deliver “AI-Ready Trusted Data Products at speed and scale”

Real-time measurement 

across nine categories, 

providing quantifiable trust 

metrics for data assets.

Intelligent automation of data 

modeling tasks and 

stewardship tasks, reducing 

manual overhead while 

improving data accuracy.

5 integrated components 

working together to deliver 

raw data into a strategic, 

reusable business-aligned 

resource for cross-

organization collaboration

Data Product
Dynamic Trust 

Scores

AI Enabled 

Innovation
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The Trust Score
Central Pillar of Quest erwin Data Product

75%

(Illustrative Purposes)

Rapid Identification
Enables consumers to quickly identify high-value, AI-ready, and compliant data assets

Multi-

Criteria 

Scoring
Evaluates data 

products using up to 9 

weighted criteria 

including quality, 

relevance, usage, and 

governance 

completeness

Business 

Alignment
Customizable 

scoring framework 

aligns with specific 

business goals and 

risk tolerance levels

User 

Weightings 
are both qualitative 

and quantitative
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Quest erwin 
Dynamic 

Trust Score 

Calculator 
Weightings

Scenario 1

The Dynamic Trust Score “governs” the Data Product. As data changes so does the Trust Score. (like a credit score) 

The Trust Score Calculation

Weightages and additional 

parameters can be adjusted 

by customers

DQ Score 50

User Ratings 20

Governance 

Completeness

30

DQ Score 50

User Ratings 10

Governance 

Completeness

20

Timeliness 5

Lifecycle 5

Popularity 10

Scenario 2

If it’s not on strava – then it didn’t happen
If it’s not in the marketplace – then it doesn’t 
exist. 

Trust Scores… 
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Video – market place.. 



Data Professionals do many repetitive and time-
consuming tasks to create and deliver data products 
to the marketplace   
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Data Modeling
Data Catalog & 

Business Glossary 
Data Quality MarketplaceData  Observability
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Manual Tasks

Manual Tasks

FROM Quest erwin Data Management Platform  

Data Modelers

Data Stewards
Data Modelers

Data Stewards

AI Enabled 

Innovation



Quest erwin Data Management Platform 

AI-Enabled Innovation – Automating tasks and 
workflows to speed the delivery of data products   
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Data Modeling
Data Catalog & 

Business Glossary 
Data Quality MarketplaceData  Observability
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AI Powered Tasks

AI Powered Tasks

TO

Data Modelers

Data Stewards

~80% 

Faster 

Time 

~50% 

Faster 

Time 

AI Enabled 

Innovation



Define Requirements

erwin

Design Models

Enforce Standards

Maintain Updates

Document Relationships

Checking for redundancy 

and normalization

Consumers

Human 

+ 

Non-Human

Populate Catalog

Classify/tag datasets

Glossary Terms

Trace Lineage

Resolve term conflicts

Maintain Semantic Layer

Write Rules

Profile Data

Detect Anomalies

Quality Scores

Log Metrics

Trust Scores 

Monitor Pipelines

Check Freshness

Schema/Bias Drift

Triage SLA breaches

Correlate Dependencies

Alerts and Remediate

Curate Products

Parameterize Trust 

Scores

Access Management

Track Usage

Match assets

Re-usable Data Products

Some jobs to be done by 
Data Professionals today

Erwin DI 15.1 
• Metadata Classification 

• Business Glossary Completion

Data Modeling

Data Catalog & 

Business 

Glossary 

Data Quality
Data  

Observability
Marketplace

AI Enabled 

Innovation



AI Enabled Innovation: 
We’re already delivering today with erwin DI 15.1
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Assumptions 

• Data Classification example: 5 data sources with 200 tables and columns

• Business Glossary 1 term = 1 paragraph. Each paragraph has 20 words. To create each term takes 5 to 10 minutes. 20 terms its 200 minutes.

FROM

Onboard & Classify 

1 Data Source

To create 1 Term = 

~ 20 words

~30 to 60 days

~3 to 6 days

Impact

10 to 20x in 

time savings

FROM

TO
With AI Assisted Automation

~5 to 10 minutes

~3 to 5 minutes 

Impact

>50% time 

saving per term

• Metadata 

Classification

• Business Glossary 

Definition Updates 

Completeness
Metadata Classification Business Glossary Definition Updates

TO
With AI Assisted Automation

AI Enabled 

Innovation



Automated Data Product video
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AI is requiring enterprises to change how they 
manage their data > new need for speed and scale  

Data Modeling

Data Catalog & 

Business Glossary 

Data Quality

Data  Observability

• Disparate

• Siloed

• Managed 

separately

• Lack of 

integration 

• Slow 

• Users are 

primarily internal  

- and humans

Challenges to managing data as a silo
Benefits of Data Products

Data Modeling

Data Catalog  & 

Business 

Glossary 

Data Quality
Data  

Observability
Data Marketplace

1. Higher Data Quality and Reliability – with clear ownership and trusted for 

value 

2. Faster Time-to-Value – Accelerate decision making 

3. Cost Efficiency and Scalability – lowers TCO up to 30-50% (Mckinsey)

4. Data Democratization and Reusability – fosters self-service across the business

5. Enhanced Governance and Compliance – built in metadata, lineage 

6. Improved Collaboration and Ownership – clarify ownership and reduce friction 

among team 

Managing data as a product transforms raw data into a strategic, business-aligned resource - unlocking 

efficiencies, accelerating insights, and empowering smarter decisions across an organization - Ascend

What’s to come
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AI is Disrupting the Traditional Data Management 
Landscape – Market is “Converging”

With a data management platform, data teams can benefit from the reduced operational complexity, drive 

data engineering productivity, save on license costs and improve ROI.

Organizations 

have deployed 

12 data 

management 

point solutions

Mandatory Platform 

Features:

• Unified platform

• Metadata 

management

• Data Quality 

• Data governance and 

policy execution 

• Platform based pricing

Common Features:

• Multi-persona user 

experience

• Flexible data access

• Data Products and 

Marketplace

• Data observability 

• Data Ops 

• Fin Ops

• AI Model Integration

What’s to come



“
“

A system is not the sum of the 
behaviors of its parts; it is rather
the product of their interaction. 

The performance of a system
depends on how the parts work 
together; not how they operate

individually.

- Russell L. Ackoff, World Renown Organizational Theorist
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Quest erwin Data Management Platform 
for the fast delivery of your Trusted Data Products  

What’s to come



No alternative text description for this image

https://www.quest.com/docs/sqlbits-michael-o-donnell-timeless-foundation-of-modern-data-platforms-white-paper-172565.pdf
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